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Fig. 1 Network architecture of the autoencoder
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Fig. 10 Test signals and frequency spectrum of the automotive

5-speed transmission
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Fig. 11  Analysis results of the harmonic reconstructed signal
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Fig. 13 Analysis of the reconstructed signal using the DCDAE
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Fig. 14 Fast spectral kurtosis diagram of the gear test signals
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Fig. 15 Analysis results of the spectral kurtosis reconstructed signal
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